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Abstract 

 
This study investigates internal migration in Indonesia using logistic regression to analyze 
the impact of nine independent variables: social participation, social capital, risk-taking 
attitudes, age, marital status, gender, education level, mobile phone ownership, and internet 
access. The data were derived from the 5th Indonesian Family Life Survey (IFLS), which 
included 16,204 households and 50,418 individuals across 13 provinces. Respondents 
comprised of households’ head, their partners, and family members aged 15 years and older. 
The findings indicate that education level, internet access, marital status, and social capital 
significantly influence internal migration. Specifically, the contributions of these variables to 
explaining internal migration were 58.36% (OR: 1.401) for education level, 58.17% (OR: 
1.398) for internet access, 51.63 % (OR: 1.068) for social capital, and 49.7% (OR: 0.987) 
for marital status, cumulatively explaining 1.55% of the variance in migration outcomes, with 
a Chi-square (X2) of 153.16 and p < 0.000. Based on these results, it is recommended that 
the government develop new economic growth centers, enhance social capital at the 
community level, and improve the information and communication technology infrastructure 
nationwide to optimize the benefits of internal migration for societal welfare. 
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Introduction 
 
In 2018, 55% of the world’s population lived 
in urban areas, projected to reach 68% by 
2050 (United Nations, 2018). In Indonesia, 
urbanization is also rising, with the urban 
population expected to reach 60% by 2025 
and 66.6% by 2035 (BPS-Statistics 
Indonesia, 2024a). Projections for 2035 
show an urban population of 89.3% in West 
Java and 84.9% in Banten (McDonald, 2014). 
Besides fertility and mortality, internal 
migration significantly impacts urban growth. 
In 2020, Indonesian provinces showed both 
positive and negative net migration rates 

(BPS-Statistics Indonesia, 2023a), and in 
2022, in-migrant rates fell by 0.9%, though 
migrant workers increased by 0.3% during 
Covid-19 recovery, signaling more job 
opportunities across provinces (BPS-
Statistics Indonesia, 2023b).  

Internal migration in Indonesia has 
deep historical roots, with colonial policies 
serving as a pivotal force in shaping 
migration patterns. During the Dutch colonial 
period, migration was heavily influenced by 
the economic interests of the colonial regime. 
Infrastructure projects, such as the 
development of plantations and extractive 
industries in resource-rich regions, 
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necessitated a vast labor force. To meet 
these needs, the Dutch implemented forced 
migration programs, relocating nearly 
700,000 Javanese contract laborers to 
northern Sumatra between the 1880s and 
1920s (Bosma, 2013; Hugo, 2006; Oostindie, 
2008). This policy was not just about labor 
supply; it reflected broader colonial 
strategies to reorganize populations in ways 
that facilitated resource extraction and 
power consolidation. The focus of these 
policies was often Java, the most densely 
populated region, as it was viewed as a 
source of cheap labor. The relocation of 
Javanese workers under exploitative 
conditions was accompanied by strict social 
controls to ensure productivity and prevent 
resistance. These practices entrenched 
patterns of inter-island migration, which 
persisted beyond the colonial period and into 
the policies of the post-independence 
government. 

Additionally, the colonial restructuring 
of land and agricultural practices in Java 
exacerbated landlessness and poverty, 
which acted as a push factor compelling 
people to seek opportunities elsewhere. 
Although this migration appeared voluntary, 
it was heavily influenced by the economic 
pressures and social conditions engineered 
by colonial policies, leaving many with 
limited choices for survival. These 
circumstances illustrate how seemingly 
voluntary migration often exists on a 
spectrum shaped by systemic forces of 
coercion and necessity. This dynamic 
contributed to the long-term pattern of 
population redistribution and laid the 
groundwork for the institutionalized 
transmigration programs of the independent 
Indonesian state. By emphasizing the forced 
migration of laborers and the colonial 
exploitation of Indonesia’s regions, the 
Dutch policies left a legacy which continues 
to shape migration patterns. This influence is 
evident in how the post-independence 
transmigration programs mirrored colonial 
priorities, such as opening up frontier 
regions for national integration, economic 

development, and food security (Abdoellah, 
2012; Hardjono, 1978, 1986; Tirtosudarmo, 
2001, 2021). Post-1998 decentralization 
shifted this policy, with current initiatives 
under Jokowi’s administration focused on 
land reform and food estates (Neilson, 2016). 
However, transmigration has led to 
deforestation (Hayes, 2002; Whitten, 2005), 
ethnic tensions, and human rights issues 
(Barter & Côté, 2015; Tirtosudarmo, 1997, 
2021).  

The colonial era thus not only altered 
the demographic landscape but also 
ingrained systems of labor migration which 
became a significant feature of Indonesian 
history and policy. These foundational 
influences highlight the continuity between 
colonial practices and modern migration 
dynamics, offering a stark reminder of the 
long shadow cast by historical power 
structures. This study uses cross-sectional 
data from the 2014-2015 Indonesian Family 
Life Survey (IFLS 5), examining migration, 
social participation, and demographic 
factors. Analysis includes univariate, 
bivariate, and multivariate logistic regression 
to assess factors influencing internal 
migration in Indonesia. 
 
Rationale 
 
Migration is a multi-dimensional process 
involving voluntary or conflict-driven 
movement, impacting individuals, 
households, and communities across social, 
economic, and physical dimensions (Ranjan 
& Chattoraj, 2023; Ullah & Chattoraj, 2023). 
Internal migration affects mental and 
physical health for both migrants and their 
families (Arlini, et.al., 2019; Lu, 2008; Muir, 
et.al., 2019), enhances economic status 
through remittances (Mantra, 1988; Rahman 
& Fee, 2009), and reshapes household 
institutions (Mee, 2014). It also promotes 
community-level change by introducing new 
ideas, changing local political dynamics, and 
sometimes disrupting kinship systems 
(Bräuchler, 2017; Côté, 2013; Hugo, 1982). 
Research has identified four main factors 
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influencing internal migration in Indonesia: 
political (e.g., transmigration policies, 
decentralization) (Tiwari, 2017; 
Tjiptoherijanto, 1995), economic (e.g., job 
opportunities, poverty) (Miranti, 2019; 
Prayitno, et.al., 2013; Sugiyarto, et.al., 2019; 
Syafitri, 2013), social (e.g., social networks, 
sense of belonging) (Elmhirst, 2002; Minza 
& Herlusia, 2022), and environmental (e.g., 
disasters, climate change) (Bekaert, et.al., 
2021; Jesline, et.al., 2021). However, limited 
research has explored the roles of social 
participation, social capital, risk-taking 
attitudes, mobile phone ownership, internet 
access, and monthly income simultaneously 
in driving internal migration in Indonesia. 
 
 
Theoretical Framework 
 
This article uses the aspirations-capabilities 
framework to examine how social 

participation, social capital, risk-taking 
attitudes, mobile phone ownership, internet 
access, and monthly income influence 
internal migration. The framework views 
migration as a dynamic interaction between 
agency (individual aspirations and 
capabilities) and structure (perceived 
opportunities and constraints), 
encompassing negative and positive 
liberties (de Haas, 2021). Due to data 
limitations (see Figure 1), only selected 
components of the framework were studied, 
with education as a positive liberty proxy, 
shown to have a significant effect on 
migration (Jones, et.al., 2016; Pardede & 
Venhorst, 2024). Although the aspirations-
capabilities framework was applied only to 
certain variables due to the limitations of 
available data, which restricts the 
generalization of the research findings, the 
study's results still provide relevant insights 
into internal migration in Indonesia. 

 

 
 

Figure 1. Research Framework 
 

Information and Communication 
Technology (ICT), mobile phones, and 
social media are also influential. Internet 
access aids migration decision-making and 
strengthens social ties, though it can reduce 
international migration (Vilhelmson & Thulin, 
2013; Winkler, 2016). Mobile phones 
enhance migration by reducing geographic 
barriers, facilitating information sharing, 

enabling remittance transfers (Porter, et.al., 
2018), and creating the dialectical dynamics 
of opportunity, vulnerability, solidarity, and 
the forms of resilience (Gillespie, et.al., 
2018). Social media could transforming 
migration networks and lowering the 
threshold for migration (Boas, 2020; Dekker 
& Engbersen, 2014). Indonesia's 1998 
Reform Era promoted freedoms, enhancing 
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social participation, which supports 
migration through strengthened social 
cohesion (Millard, et.al., 2018). This study 
includes variables representing migratory 
agencies: social capital, risk-taking attitudes, 
and socio-demographics like age, marital 
status, and monthly income. Social capital 
supports migration at all stages, reducing 
risks (Hasanah, 2015; Prayitno, et.al., 2014). 
Migration involves inherent risks, but 
hypothesis of the study show that migrants 
often have risk-taking attitudes, influenced 
by social networks which mitigate such risks 
(Goldbach & Schlüter, 2018; Prayitno, et.al., 
2014). Additionally, this research considers 
age, marital status, and gender as socio-
demographic control variables, which are 
known to have complex effects on migration 
patterns (Bernard, et.al., 2014; Darlington‐
Pollock, et.al., 2018). These factors will be 
anticipated positively influence internal 
migration. 
  
 
Data and Methods 
 
Data Source 
 
This research uses the cross-section data 
from the 5th Indonesian Family Life Survey 
(IFLS 5) collected by Rand Corporation in 
collaboration with the Survey Meter in 2014-
2015. IFLS 5 is a continuation of IFLS 1 
(1993), IFLS 2 (1993) activities 1997), IFLS 
3 (2000) and IFLS 4 (2007). The research 
data came from questionnaires several 
questionnaires: (a) Book 3A, the migration 
section (MG), risk-taking section (SI), trust 
section (TR); (b) Book 3B, the section on 
community participation (PM); (c) Book T 
and Book K which contain information about 
the social and demographic characteristics 
of the research respondents(Strauss, et.al., 
2016b). The study uses IFLS data, despite 
its age, because of its ability to provide 
multidimensional data which supports 
detailed and reliable analysis. This makes it 
an invaluable resource for understanding the 
complexities of migration and other socio-

economic phenomena in Indonesia over an 
extended period. 
 
Study Design 
 
IFLS 5 is a part of IFLS research. IFLS is a 
continuing longitudinal socioeconomic and 
health survey. The survey collects data on 
individual respondents, their families, their 
households, the communities in which they 
live, and the health and education facilities 
they use. IFLS 5 drew its sample from IFLS 
1, IFLS 2, IFLS 2+, IFLS 3 and IFLS 4. The 
IFLS1 sampling scheme stratified on 
provinces and urban/rural location, then 
randomly sampled within these strata. 
Provinces were selected to maximize 
representation of the population, capture the 
cultural and socio-economic diversity of 
Indonesia, and be cost-effective to survey 
given the size and terrain of the country. The 
sample included 13 of Indonesia’s 27 
provinces containing 83% of the population: 
four provinces on Sumatra (North Sumatra, 
West Sumatra, South Sumatra, and 
Lampung), all five of the Javanese provinces 
(DKI Jakarta, West Java, Central Java, DI 
Yogyakarta, and East Java), and four 
provinces covering the remaining major 
island groups (Bali, West Nusa Tenggara, 
South Kalimantan, and South Sulawesi). 
Within each of the 13 provinces, 321 
enumeration areas (EAs) were randomly 
chosen from a nationally representative 
sample frame used in the 1993 Susenas 
(Survai Sosial-Ekonomi Nasional or National 
Socio-Economic Household Survey), a 
socio-economic survey of about 60,000 
households. Within a selected EA, 
households were randomly selected based 
upon 1993 Susenas listings obtained from 
regional BPS (Badan Pusat Statistik or 
Central Bureau of Statistics of the Republic 
of Indonesia) office. A household was 
defined as a group of people whose 
members reside in the same dwelling and 
share food from the same cooking pot (the 
standard BPS definition). Twenty 
households were selected from each urban 
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EA, and 30 households were selected from 
each rural EA. The main respondent of IFLS 
is (a) the household head and his/her 
spouse; (b) two randomly selected children 
of the head and spouse age 0 to 14; (c) an 
individual age 50 or older and his/her spouse, 
randomly selected from remaining members; 
(d) for a randomly selected 25% of the 
households, an individual age 15 to 49 and 
his/her spouse, randomly selected from 
remaining members (Strauss, et.al., 2016a, 
2016b). 

The re-contact protocols for IFLS5 or 
the rules for following moved individuals 
were: (a) 1993 main respondents; (b) 1993 
household members born before 1968; (c) 
individuals born since 1993 in origin 1993 
households, also in split off households if 
they are children; (d) of 1993 IFLS 
household members; (e) individuals born 
after 1988 if they were resident in an origin 
household in 1993; (d) 1993 household 
members who were born between 1968 and 
1988  if  they  were  interviewed  in 2007; (f) 
20% random sample of 1993 household 
members who were born between 1968 and 
1988 if they were not interviewed in 2007. 
IFLS 5 was fielded in late 2014 and early 
2015 on the same set of IFLS households 
and split-offs: 16,204 households and 
50,148 individuals were interviewed. 
Another 2,662 individuals who died since 
IFLS 4 had exit interviews with a proxy who 
knew them well. IFLS 5 used Census and 
Survey Processing System (CSPro) (the U.S. 
Census Bureau, 2024), a computer-assisted 
personal interview system (CAPI), during 
interview with respondent (Strauss, et.al., 
2016a, 2016b). 
 
Dependent Variables 
 
The dependent variable of this study is 
internal migration. Internal migration is 
measured by the question: When you are 12 
years old, do you live in the same place as 
your birthplace? This question has two 
answer options: Yes (1) and No (0). 
Information was recorded about the 

respondent’s location at age 12 where a 
move crossed a desa (village) boundary and 
lasted for 6 months or longer (Strauss, et.al., 
2016a). IFLS 5 adopts a broader and more 
inclusive approach to internal migration, thus 
capturing various types of movements, 
including inter-village migration, migration 
from villages to cities, inter-city migration, 
and migration from cities to villages. This 
approach helps to understand the complex 
and varied dynamics of internal migration in 
accordance with the different social, 
economic, and geographic contexts in 
Indonesia. 
 
Independent Variables 
 
This study has ten independent variables. 
First, level of social participation. This 
variable measured using the question: Have 
you followed the social gathering in the last 
12 months? This question has two answer 
options: Yes = 1 and No = 0. Second, social 
capital. This variable is measured using a 
Likert scale which contains seven 
statements. Each statement has four answer 
options: strongly agree, agree, disagree, 
strongly disagree. The final score of the 
respondent is the total score obtained by the 
respondent. The total score of respondents 
was grouped into two categories: 1 = high (> 
mean score and 0 = low (< mean score). 
Third, risk-taking attitude. This variable is 
measured with the following questions: 
Suppose you have been offered two choices 
for income. In the first choice, you are 
guaranteed to get IDR 4 million per month. 
In the second option, you are guaranteed to 
get Rp4 million per month or Rp2 million per 
month, each with the same opportunity. 
Which choice will you make? This question 
has three answer options: (a) Rp4 million per 
month; (b) Rp4 million or Rp2 million per 
month; and (c) do not know. The variable 
changed to a dummy variable: 1 = dare to 
take risks (respondents who chose the 
option Rp4 - Rp2 million per month) and 0 = 
did not dare to take risks (respondents who 
chose the option Rp4 million per month and 
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did not know). Fourth, age. This variable is 
measured by the question: How old are you? 
Data recorded into three categories: 14 – 30 
years old (1), 31 – 50 years old (2), > 50 
years old (3). Fifth, marital status. This 
variable has six categories: single (1), 
married (2), separated (3), divorced (4), 
death divorced (5), and cohabitate (6). Data 
recorded into three categories: not married 
(1), married (2), divorce (3), and cohabitate 
(4).  Sixth, sex (1 = male and 0 = female). 
Seventh, level of education (1 = elementary 
school; 2 = high school; 3 = higher 
education). Eight, mobile phone ownership. 
This variable is measured by the question: 
Do you have a mobile phone? which has two 
answer options, yes (1) and no (0). Nineth, 
internet access. This variable is measured 
by the question: Do you have internet access? 
which has two answer options, yes (1) and 
no (0). Tenth, monthly income. This variable 
is measured by the question: How much 
monthly income do you receive when you 
work in that job? 
 
Analytical Strategies 
 
Data analysis followed several steps. The 
first step involved merging individual 
datasets into a single dataset and cleaning 
the data by removing meaningless 
information, such as missing data or special 
response codes. The second step was to 
recode variables and conduct univariate 
analysis for each variable using frequency 
tables. The third phase involved conducting 
bivariate analysis using cross-tabulation to 
identify statistical relationships between 
internal migration and each independent 
variable. The results of the bivariate analysis 
were used to select independent variables 
for multivariate analysis; only variables with 
a p < 0.25 were included. The fourth phase 
was multivariate analysis, which was 
performed using logistic regression (Hosmer 
& Lemeshow, 2000). The output of logistic 
regression was interpreted through 
regression coefficients and odds ratios. 

STATA 15 was used to complete all phases 
of the analysis (StataCorp, 2023). 
 
 
Results 
 
The setting 
 
Indonesia is the largest archipelago in the 
world because it has 17,508 islands with a 
total area of 1,904,569 km2. Astronomically, 
Indonesia is located between 60°04'30'' 
North Latitude and 110°00'36'' South 
Latitude and between 940°58'21'' to 
1410°01'10'' East Longitude and crossed by 
the equator. The Indonesian Archipelago is 
located between the Asian Continent and the 
Australian Continent and is flanked by the 
Pacific Ocean and the Indian Ocean. In 2024, 
the total population of Indonesia was 
281,603.8 people and spread in 38 
provinces or 514 districts/cities 7,288 sub-
district, or 83,971 villages. Half of 
Indonesia's population lives in the Java 
Islands, while the island of Papua has the 
least population (BPS-Statistics Indonesia, 
2024b). 

Not only the difference in population, 
inequality between Java and Outer Java is a 
classic issue in Indonesia's economic 
development since independence. The 
government then continued the Dutch 
colonial government program, which moved 
Java's population to other islands in 
Indonesia through the transmigration 
program to reduce the concentration of the 
population in Java and open areas outside 
Java. During the New Order regime (1966 - 
1998), the transmigration program was 
carried out centrally. In the era of the Reform 
Order (1998 - present), the transmigration 
program as a planned migration was 
managed jointly between the central 
government and provincial/district/city 
governments. This situation is the impact of 
the decentralization policy adopted by 
Indonesia to address the imbalance 
between Java and Outside Java in various 
development sectors. 
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did not know). Fourth, age. This variable is 
measured by the question: How old are you? 
Data recorded into three categories: 14 – 30 
years old (1), 31 – 50 years old (2), > 50 
years old (3). Fifth, marital status. This 
variable has six categories: single (1), 
married (2), separated (3), divorced (4), 
death divorced (5), and cohabitate (6). Data 
recorded into three categories: not married 
(1), married (2), divorce (3), and cohabitate 
(4).  Sixth, sex (1 = male and 0 = female). 
Seventh, level of education (1 = elementary 
school; 2 = high school; 3 = higher 
education). Eight, mobile phone ownership. 
This variable is measured by the question: 
Do you have a mobile phone? which has two 
answer options, yes (1) and no (0). Nineth, 
internet access. This variable is measured 
by the question: Do you have internet access? 
which has two answer options, yes (1) and 
no (0). Tenth, monthly income. This variable 
is measured by the question: How much 
monthly income do you receive when you 
work in that job? 
 
Analytical Strategies 
 
Data analysis followed several steps. The 
first step involved merging individual 
datasets into a single dataset and cleaning 
the data by removing meaningless 
information, such as missing data or special 
response codes. The second step was to 
recode variables and conduct univariate 
analysis for each variable using frequency 
tables. The third phase involved conducting 
bivariate analysis using cross-tabulation to 
identify statistical relationships between 
internal migration and each independent 
variable. The results of the bivariate analysis 
were used to select independent variables 
for multivariate analysis; only variables with 
a p < 0.25 were included. The fourth phase 
was multivariate analysis, which was 
performed using logistic regression (Hosmer 
& Lemeshow, 2000). The output of logistic 
regression was interpreted through 
regression coefficients and odds ratios. 

STATA 15 was used to complete all phases 
of the analysis (StataCorp, 2023). 
 
 
Results 
 
The setting 
 
Indonesia is the largest archipelago in the 
world because it has 17,508 islands with a 
total area of 1,904,569 km2. Astronomically, 
Indonesia is located between 60°04'30'' 
North Latitude and 110°00'36'' South 
Latitude and between 940°58'21'' to 
1410°01'10'' East Longitude and crossed by 
the equator. The Indonesian Archipelago is 
located between the Asian Continent and the 
Australian Continent and is flanked by the 
Pacific Ocean and the Indian Ocean. In 2024, 
the total population of Indonesia was 
281,603.8 people and spread in 38 
provinces or 514 districts/cities 7,288 sub-
district, or 83,971 villages. Half of 
Indonesia's population lives in the Java 
Islands, while the island of Papua has the 
least population (BPS-Statistics Indonesia, 
2024b). 

Not only the difference in population, 
inequality between Java and Outer Java is a 
classic issue in Indonesia's economic 
development since independence. The 
government then continued the Dutch 
colonial government program, which moved 
Java's population to other islands in 
Indonesia through the transmigration 
program to reduce the concentration of the 
population in Java and open areas outside 
Java. During the New Order regime (1966 - 
1998), the transmigration program was 
carried out centrally. In the era of the Reform 
Order (1998 - present), the transmigration 
program as a planned migration was 
managed jointly between the central 
government and provincial/district/city 
governments. This situation is the impact of 
the decentralization policy adopted by 
Indonesia to address the imbalance 
between Java and Outside Java in various 
development sectors. 

 

Univariate analysis 
 
Results in Table 1 indicate that 18.83% of 
the sample were migrants, 23.80% 
participated in social activities, and 56.67% 
have high social capital, while 17.45% were 
identified as risk-takers. Majority (67.10%) of 
the sample were unmarried. Females 

comprised of 51.12% respondents, slightly 
more than males at 48.88%. A large portion 
of respondents, 49.07%, had an elementary 
school education. Although many 
respondents owned mobile phones 
(76.57%), only 43.37% had access to the 
internet. 

 
Table 1. Summary of Univariate Analysis 

Variable Number Percentage 
Migration status   

Migrant 1,951 19.09 
Non migrant 8,267 80.91 

Social participation   
Yes 10,240 32.70 
No 21,077 67.30 

Social capital n = 31,496, mean = 17.19901, SD = 2.331889, 
min = 7, max = 26, variance = 5.437708, 
skewness = .1651925, kurtosis = 2.79171 

Risk-taking attituded   
Taking risk 5,606 17.80 

No taking risk 25,888 82.20 
Age n = 31,490, mean = 37.35, SD = 14.94, variance 

= 223.2424, skewness = .614813, kurtosis = 
2.819111 

Marital status   
Not married 6,220 19.75 

Married 25,275 80.25 
Sex   

Male 14,470 46.80 
Female 16,755 53.20 

Education   
Elementary school 15,465 51.06 

High school 10,437 34.64 
University 4,383 14.47 

Mobile phone ownership   
Yes 23,167 73.56 
No 8,327 26.44 

Internet access   
Yes 11,384 36.15 
No 20,110 63.85 

Monthly income N = 833, mean = 811447.4 SD = 1595806, min = 
40, dan max = 200e+07 
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Bivariate analysis 

Bivariate analysis was conducted using 
cross-tabulation to evaluate the 
relationships between independent 
variables and internal migration. This initial 
step was critical to determine which 
variables should be carried forward to the 
more complex multivariate analysis using 
logistic regression, as outlined by Hosmer 
and Lemeshow (2000). Among the ten 
independent variables examined, only five—
education level, internet access, mobile 
phone ownership, marital status, and social 
capital—demonstrated significant 
associations with internal migration, each 
with a p-value of less than 0.25. Conversely, 
two variables (sex and monthly income) did 
not meet the threshold for inclusion in the 
multivariate analysis due to their lack of 
statistically significant relationships with 
internal migration. This decision to exclude 

these variables is based on their higher p-
values, indicating weaker or non-significant 
associations as per the criteria set for this 
study. 

These findings are detailed in Table 2, 
which presents the variables which will be 
included in the subsequent logistic 
regression analysis. Table 2 not only lists 
these variables but also arranges them 
according to their Chi-square (X2) scores. 
This organization helps prioritize the 
variables in the logistic regression model, 
with those showing the most substantial 
statistical significance being entered first. 
This methodological approach ensures that 
the most impactful predictors of internal 
migration are considered, enhancing the 
robustness and explanatory power of the 
model developed to understand the 
dynamics influencing internal migration 
patterns. 

 
Table 2. Summary of Bivariate Analysis 

No. Bivariate analysis X2 P ɸ Decision 
1. Education level and internal migration  93.97 0.00 (p < 0.25) 0.09 Included in 

multivariate 
2. Internet access and internal migration 89.34 0.00 (p < 0.25) 0.09 Included in 

multivariate 
3. Marital status and internal migration 61.68 0.00 (p < 0.25) -0.07 Included in 

multivariate 
4. Social capital and internal migration 49.31 0.00 (p < 0.25) 0.00 Included in 

multivariate 
5. Age and internal migration 34.60 0.00 (p < 0.25) 0.00 Included in 

multivariate 
6. Mobile phone ownership and internal migration  15.57 0.00 (p < 0.25) 0.03 Included in 

multivariate 
7. Social participation and internal migration  3.67 0.05 (p < 0.25) 0.01 Included in 

multivariate 
8. Risk-taking attitudes and internal migration 2.54 0.11 (p < 0.25) -0.01 Included in 

multivariate 
9. Sex and internal migration 0.00 0.97 (p > 0.25) -0.00 Excluded in 

multivariate 
10. Monthly income and internal migration 0.05 0.82 (p > 0.25) 0.00 Excluded in 

multivariate 
 
Multivariate analysis 
 
Logistic regression was executed in eight 
distinct stages, culminating in a final model 
which accounts for 1.55% of the variance in 

migration, a significant contribution as 
evidenced by a Chi-square (X2) of 153.16 
with p < 0.000, as detailed in Table 3. This 
outcome suggests that, while modest, the 
variables included in the model do provide 
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valuable insights into the factors influencing 
migration decisions. It is noteworthy that 
variables not included in the final model 
collectively account for approximately 99 
percent of the explanatory power for internal 
migration, indicating that other factors 
outside of the model also play a substantial 
role in migration dynamics. This low figure 
may be attributed to the complexity and 
multi-dimensional nature of the internal 
migration phenomenon, where factors such 
as socio-cultural aspects, government 
policies, and economic conditions may have 
significant impacts but are challenging to 
capture with the currently available data.  

Some independent variables, for 
example age (5th stage), mobile phone 
ownership (6th stage), social participation 
(7th stage), and risk-taking attitude (8th stage), 
were excluded from the regression model 
because they did not have a significant effect 
and did not enhance the model's ability to 
estimate internal migration. The adequacy 
and significance of the final logistic 

regression model were further confirmed by 
the Hosmer-Lemeshow goodness-of-fit test. 
With a test statistic (Ĉ) of 172.65 and a 
probability greater than 0.05 (Prob > chi2 = 
0.2012, p > 0.05), the test indicates that 
there is no statistically significant difference 
between the observed migration patterns 
and those predicted by the model. This result 
underscores the model's robustness and its 
capability to accurately reflect real-world 
data, enhancing the credibility of the findings. 
The predictions generated by the logistic 
regression model are not only statistically 
significant but also practically relevant, 
offering a quantifiable insight into the 
dynamics of internal migration. These 
results empower policymakers and 
researchers alike to better understand the 
subtle interplay of technological access and 
personal mobility on migration patterns, 
paving the way for targeted interventions 
and studies which could explore additional 
variables potentially influencing migration. 

 
Table 3. Summary of Multivariate Analysis 

Stage of 
logistic 

regression 

Independent 
variable 

Model Variable 
X2 df p Pseudo 

R2 
Coef. SE p OR 

1 Education level 92.56 1 0.00 0.0094 .344 .035 0.000 1.41 
2 Education level  124.80 2 0.00 0.0126 .246 .039 0.000 1.27 

Internet access .336 .059 0.000 1.39 
3 Education level 140.81 3 0.00 0.0142 .257 .040 0.000 1.29 

Internet access .214 .067 0.001 1.23 

Marital status -.231 .057 0.000 .793 
4 Education level 153.16 4 0.00 0.0155 .259 .040 0.000 1.401 

Internet access .204 .067 0.002 1.398 
Marital status -.137 .063 0.031 0.987 
Social capital .042 .012 0.000 1.068 

5 Education level 153.50 5 0.00 0.0155 .255 .040 0.000 1.291 

Internet access .215 0.07 0.002 1.240 

Marital status -.158 .072 0.030 .853 

Social capital .042 .012 0.000 1.043 

Age .001 .003 0.555 1.001 
6 Education level 153.17 5 0.00 0.0155 .259 .040 0.00 1.296 

Internet access .205 .069 0.00 1.228 
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Marital status -.137 .063 0.03 .871 

Social capital .042 .012 0.00 1.043 
Mobile phone 
ownership 

-.009 .084 0.90 .990 

7 Education level 152.44 5 0.00 0.0155 .258 .040 0.00 1.29 

Internet access .202 .067 0.00 1.22 

Marital status -.146 .065 0.02 .863 

Social capital .041 .012 0.00 1.042 
Social 
participation 

.025 .062 0.68 1.025 

8 Education level 153.31 5 0.00 0.0155 .257 .040 0.00 1.294 

Internet access .203 .067 0.00 1.225 

Marital status -.137 .063 0.03 .871 

Social capital .042 .012 0.00 1.043 
Risk taking 
attituded 

-.026 .068 0.69 .973 

 
At the variable level, as shown in 

Table 4, the level of education contributes 
the most to explaining internal migration at 
58.36% (OR = 1.401), followed by internet 
access at 58.17% (OR = 1.398), social 
capital at 51.63% (OR = 1.068), and marital 

status at 49.7% (OR = 0.987). Among these 
four covariates, level of education, internet 
access, and social capital have a positive 
and significant effect on internal migration at 
p < 0.01. In contrast, marital status has a 
negative and significant effect at p < 0.05. 

 
Table 4. The Final Model of Logistic Regression 

Independent variable (X) Dependent variable: 
Internal migration 

Level of education 0.259*** 
(0.0401) 

Internet access 0.204*** 
(0.0671) 

Marital status -0.138** 
(0.0636) 

Social capital 0.0423*** 
(0.0121) 

Constant -2.724*** 
(0.247) 

Observations 10,099 
Standard errors in parentheses 
*** p <0.001, ** p <0.01, * p <0.05 

 
 
Discussion 
 
Internal migration, often conceptualized 
purely in economic terms, is increasingly 
recognized as a complex phenomenon 

influenced by a confluence of social, 
economic, and technological factors. This 
study seeks to expand on traditional models 
by examining the interplay between social 
capital, ICT access, and individual 
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predispositions towards migration. While 
economic drivers such as employment 
opportunities have long been acknowledged 
as primary motivators (Todaro & Smith, 
2015), emerging research suggests that 
migration decisions are also heavily 
influenced by social networks and 
technology (Garip, 2008; Prayitno, et.al., 
2014). In investigating these dynamics, this 
research critically analyzes the impact of 
nine identified variables on internal migration 
within Indonesia. Surprisingly, of the ten 
independent variables identified as causes 
of migration, there are only five independent 
variables that have a statistically significant 
effect with internal migration: education level, 
marital status, internet access, and social 
capital. The five independent variables that 
are not statistically related to migration are 
risk-taking attitude, age, sex, mobile phone 
ownership, and social participation, and 
monthly income.  

It is expected that risk-taking and 
internal migration would have a significant 
relationship. Logically, because internal 
migration is a risky act, only people who 
have a risk-taking attitude dare to migrate. 
Even the main factor of migration is 
economical (Todaro & Smith, 2015) then the 
attitude of risk-taking should play an 
essential role in the internal migration 
process. Therefore, the economy is a matter 
of profit and loss cannot be released without 
a risk-taking attitude. The findings reject this 
argument because risk-taking does not have 
effect on internal migration. Because risk-
taking is not statistically related to internal 
migration, anyone can migrate. No matter 
what their age is, gender, and whether a 
person has a risk-taking attitude or not. Why 
is it happening? Researchers suspect that 
this is due to the contribution of migrant 
social capital. Social capital may take the 
form of migrant social networks (Curran & 
Saguy, 2001; Garip, 2008; Hasanah, 2015; 
Sawai & Bose, 2024), sense of belonging, 
sense of attachment, or sense of place 
(Prayitno, et.al., 2014; Prayitno, et.al., 2013). 
This finding prompts a reevaluation of the 

role of non-economic factors which may play 
more critical roles than previously 
understood. This shift in understanding 
aligns with current trends emphasizing the 
multi-faceted nature of migration and the 
various undercurrents that drive it. 

The argument presented by Todaro 
and Smith (2015) that economic factors 
predominantly drive the migration process is 
compelling and well-established. 
Nonetheless, it is essential to recognize that 
migration, while fundamentally an economic 
activity, is intricately linked with complex 
social processes. As Fukuyama (1995) 
insightfully demonstrates, economic 
interactions, such as profit-oriented 
business transactions, cannot occur without 
the foundational trust between sellers and 
buyers. This underpinning of social capital 
transforms potentially high-risk migration 
activities into endeavors with minimal or 
even negligible risk, enabling a broader 
range of individuals to participate, including 
those without a natural propensity for risk-
taking. Therefore, while economic 
motivations are undeniably critical in 
influencing migration decisions, the interplay 
with social structures and networks that can 
either facilitate or impede these migrations 
cannot be overlooked. These social 
elements not only support but also shape the 
economic dynamics of migration, suggesting 
a more nuanced interaction between 
economic incentives and the social capital 
that pervades the migratory landscape. 

In the Qur'an, the critical role of social 
capital in the migration process is shown in 
the stories of Prophet Moses (Musa), 
Prophet Jacob (Yakub), and Prophet 
Muhammad. Prophet Moses migrated to 
Madyan country because he killed one of the 
Egyptians. He became comfortable staying 
in Madyan because of security guarantees in 
the broadest sense of one of the families 
(Surah Al-Qasas [28]: 25). The Prophet 
Muhammad migrated to Medina because of 
the high trust and social support of the 
people of Madinah for the teachings of Islam. 
The Prophet Jacob (Yakub) and his family 
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dared to migrate and settle in Egypt because 
they had interpersonal trust networks with 
Prophet Joseph (Yusuf), which was one of 
the symbols of political authority in Egypt 
(Surah Yusuf [12]: 93, 99). It demonstrates 
that the concept of social capital as a factor 
in migration has deep historical and cultural 
roots. 

In addition to the risk-risk attitude, the 
lack of a relationship between social 
participation in the origin area and migration 
is also beyond the expectation of 
researchers. Initially, researchers suspected 
that migration was caused by migrants 
feeling safe to migrate because participation 
and social cohesion in their place of origin 
were kind enough so that they did not have 
to worry about leaving their family members 
within a specified period. However, this 
conjecture is not proven statistically. 
Bivariate analysis between social 
participation and migration showed no 
significant relationship between these 
variables. This fact tends to strengthen the 
argument about economic factors as the 
dominant cause of internal migration of the 
population (Hugo, 2000; Malamassam, 2016; 
Muthmainnah & Budyanra, 2017; Prayitno, 
et.al., 2013; Syafitri, 2013; Todaro & Smith, 
2015; Wajdi, et.al., 2018). 

These findings corroborate the 
arguments of some literature about the 
contribution of social capital to internal 
migration (Elmhirst, 2002; Hasanah, 2015; 
Minza & Herlusia, 2022). However, there are 
differences between this research and 
previous research in understanding the 
concept of social capital in the context of 
migration studies. As mentioned above, 
some researchers interpret social capital as 
a social network of migrants, a sense of 
community, a sense of place, a sense of 
belonging, a sense of attachment, and 
neighboring. In contrast, this study interprets 
social capital as trust among residents in the 
respondent's origin area. Research findings 
show that respondents who consider their 
area of origin to have a high level of trust 
have a 51.63% chance of migrating. 

Because the relationship between social 
capital and migration is positive, the higher 
the social capital, the greater the chance that 
community members will migrate. Logically, 
a person will not leave his family for a long 
time if he feels the family left behind is in an 
“insecure” situation. It means that trust at the 
community level provides a sense of security 
for migrants to migrate. They do not need to 
worry that their family will starve, be robbed, 
or face other harmful risks because they 
believe and are confident that the 
environment of the original area in which 
they live will help their families while they go 
to other areas. This kind of social support 
can also arise because of the strength of 
extended family relations in the origin area. 

Meanwhile, a positive and robust 
relationship between education level and 
migration strengthens and is consistent with 
the results of previous research (Auwalin, 
2019; Jones, et. al., 2016; Malamassam, 
2016; Pardede, et.al., 2020; Pardede & 
Venhorst, 2024; Speare & Harris, 1986; 
Syafitri, 2013). However, this study rejects 
arguments about the significance of sex and 
age as predictors of internal migration. It 
might be due to better public transportation 
and telecommunications facilities and 
infrastructure, as well as migrant social 
networks. This analysis is strengthened by 
the positive effect between mobile phone 
ownership and migration produced by this 
study. This finding supports the previous 
research which confirms the ability of mobile 
phones to provide migrant connectivity to the 
outside world with a variety of functions, for 
example, looking for jobs (Muto, 2012), 
internal coordination between migrants 
(Schaub, 2011), and a tool for deciding 
routes and modes of travel (Van Liempt & 
Zijlstra, 2017), as well as various other 
experience related to the migration (Chang 
& Benson, 2022; Huangfu & Nobles, 2022; 
Lynn, 2023; Madianou & Miller, 2011; Powell, 
2015; Twumasi Baffour, et.al., 2020; 
Wantanasombut, 2022). 

The ownership of mobile phones 
appears to have an insignificant effect on 
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show that respondents who consider their 
area of origin to have a high level of trust 
have a 51.63% chance of migrating. 

Because the relationship between social 
capital and migration is positive, the higher 
the social capital, the greater the chance that 
community members will migrate. Logically, 
a person will not leave his family for a long 
time if he feels the family left behind is in an 
“insecure” situation. It means that trust at the 
community level provides a sense of security 
for migrants to migrate. They do not need to 
worry that their family will starve, be robbed, 
or face other harmful risks because they 
believe and are confident that the 
environment of the original area in which 
they live will help their families while they go 
to other areas. This kind of social support 
can also arise because of the strength of 
extended family relations in the origin area. 

Meanwhile, a positive and robust 
relationship between education level and 
migration strengthens and is consistent with 
the results of previous research (Auwalin, 
2019; Jones, et. al., 2016; Malamassam, 
2016; Pardede, et.al., 2020; Pardede & 
Venhorst, 2024; Speare & Harris, 1986; 
Syafitri, 2013). However, this study rejects 
arguments about the significance of sex and 
age as predictors of internal migration. It 
might be due to better public transportation 
and telecommunications facilities and 
infrastructure, as well as migrant social 
networks. This analysis is strengthened by 
the positive effect between mobile phone 
ownership and migration produced by this 
study. This finding supports the previous 
research which confirms the ability of mobile 
phones to provide migrant connectivity to the 
outside world with a variety of functions, for 
example, looking for jobs (Muto, 2012), 
internal coordination between migrants 
(Schaub, 2011), and a tool for deciding 
routes and modes of travel (Van Liempt & 
Zijlstra, 2017), as well as various other 
experience related to the migration (Chang 
& Benson, 2022; Huangfu & Nobles, 2022; 
Lynn, 2023; Madianou & Miller, 2011; Powell, 
2015; Twumasi Baffour, et.al., 2020; 
Wantanasombut, 2022). 

The ownership of mobile phones 
appears to have an insignificant effect on 

 

internal migration, whereas internet access 
shows a positive and significant impact. This 
aligns with earlier research which highlights 
the internet's positive influence on internal 
migration (Vilhelmson & Thulin, 2013). 
However, contrasting evidence suggests 
that the internet may hinder migration by 
lowering the costs associated with it. From a 
methodological standpoint, mobile phone 
ownership and internet access often overlap 
as they both represent access to ICT (Cooke 
& Shuttleworth, 2017). With the growing 
integration of ICT, where internet access is 
increasingly available through mobile 
phones, the distinction between these two 
aspects has become less meaningful. In 
today’s digitally interconnected world, 
access to mobile phones and the internet 
does more than simply support migration, it 
redefines its essence. This study challenges 
the conventional view of technological 
access as a mere facilitator of migration by 
arguing that it transforms the migrant's 
capacity to plan, adapt, and integrate into 
new environments. 
 
 
Policy Implication 
 
From a practical point of view, this finding 
has three policy implications. First, because 
the level of education is positively related to 
migration, the government needs to control 
the level of migration in the original area so 
that they do not lose human resources. One 
strategy for internal migration not to be 
concentrated in particular regions is creating 
new centers of economic growth. The effort 
to move the capital of the Republic of 
Indonesia to Kalimantan Island is one of the 
strategies which can impact the rate of 
migration to the capital of Jakarta. Second, 
for Indonesia, internal migration is, to some 
degree, indispensable to the process of 
socio-cultural acculturation between 
ethnicities which will strengthen social 
cohesion and national integration. That is, 
migration must be facilitated naturally. 
Because the findings of this study indicate 

that regions with high social capital have a 
greater chance of sending their citizens 
outside the region to migrate, government 
institutions need to pay special attention to 
social capital at the community level. The 
government needs to intervene in social 
capital. Because social capital is a public 
good that is needed by many people, but not 
many are willing to invest. Third, the findings 
show that respondents who have internet 
access have a 58.17% chance of migrating. 
It is implied that the government needs to 
increase internet access among the 
population. This access can only be 
increased if the mobile telephone network is 
evenly distributed throughout Indonesia. The 
government must improve the quality of the 
network and the quantity of mobile telephone 
infrastructure development throughout the 
country. 
 
 
Conclusion 
 
This article concluded that the level of 
education, social capital, internet access, 
and marital status have significant effect on 
internal migration. These four variables can 
explain the internal migration together as 
much as 1.37 percent significantly, X2 (4) = 
153.16, p < 0.000. However, this research 
has several serious weaknesses. First, it 
ignores several variables that represent 
economic factors, such as respondent 
occupation, women's labor force 
participation, economic growth at the 
provincial/district/city level, transportation 
costs (e.g. airplane tickets), and so on. In the 
future, these variables need to be included 
in the logistic regression model. Second, 
social capital is a very complex concept. It is 
attached to religion, culture, ideology, and 
other social institutions. This research only 
measures one dimension of social capital: 
trust. Beyond this dimension, there are still 
many elements of social capital needed to 
be investigated with migration, for example, 
social norms which encourage someone to 
migrate, personal networks of migrants, and 



44 Populasi Volume 33 Issue 1 2025

Mery Yanti, Yusnaini Yusnaini, and Alamsyah

 

reciprocal patterns between migrants. The 
qualitative research needs to be designed to 
explore the complexity of social capital that 
encloses of internal migration in Indonesia. 
Third, IFLS 5 data focuses on ownership and 
internet access but ignores the respondent's 
behavior when using his mobile phone or 
when connected to the internet. The types of 
hardware and mobile telephone networks 
are also varied. The future research should 
investigate the relationship between various 
types of hardware and mobile telephone 
networks with migration behavior among the 
Indonesian people and explore these 
intersections in more diverse contexts, 
particularly in regions experiencing rapid 
technological change. Although the 
aspirations-capabilities framework has a 
powerful to explaining international 
migration, it prerequisites more complex 
data to apply it more comprehensively. In the 
future, it is suggested the next researchers 
to adopt mix-method when using this 
framework so that all part of this framework 
could be tested. 
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